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Abstract 

Existing literature has ignored the potential effects that color may have on art prices (bearing a 

few recent exceptions). We examine 1,627 paintings executed by the “Big five” Latin American 

artists (Tamayo, Rivera, Matta, Lam and Botero) and sold at Christie’s and Sotheby’s between 

2003 and 2017 to analyze this impact. The particular features of the Latin American art auction 

market, as well as the variety in a host of color related variables that characterize the paintings 

created by the “Big five” artists, offer a fertile setting to analyze this issue. We find strong 

evidence indicating that color analysis (in particular, color intensity, lightness and luminosity) is 

a crucial part of a pricing model for particular artists, and that the topic/motive of paintings, 

another relatively understudied subject, also affects art prices. Our results have implications for 

other areas such as consumer behavior. 
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The Impact of Color on Art Prices: An Examination of Latin American Art 

 

Introduction 

 

The international art market has been attracting a growing interest among art collectors, and individual and 

institutional investors. The later, have perceived the art market as a potential provider of higher returns and superior portfolio 

diversification. According to The European Fine Art Fair (TETAF), 64 billion dollars’ worth of art were exchanged in 2015 

(see McAndrew, 2016).  

Most economists agree that, on average, prices reflect the value and quality of paintings and other types of artworks 

(Coslor and Spaenjers, 2016). This proposition, however, is still very controversial among the general public and art historians 

(Edwards, 2004). And while an increasing body of literature on the determinants of art prices has emerged since the 1980s, 

the literature on the effects of color-related variables on the prices of artworks is surprisingly scarce. Part of the explanation 

lies in that only until recent times researchers have had the opportunity to use large databases that include digital images of 

paintings sold at auction. On the other hand, the impact of color on consumer behavior has been analyzed in the academic 

literature at least since the 1990s. For example, Bellizzi and Hite (1992) and Crowley (1993) studied the impact of color on 

purchase likelihood, and Brengman and Geuens (2004) analyzed the impact of color on shoppers’ emotions.  

Pownall and Graddy (2016) is among the few studies on the effects of color on art prices. This very recent paper 

analyzed the impact of color intensity and lightness on the prices of Andy Warhol’s prints that were sold at Christie’s and 

Sotheby’s in 2012. The authors find that intense colors command higher prices compared to artworks which are less intense 

in color, and that darkness draws a premium over lightness. And while this paper has certainly made an important contribution 

regarding the impact of color intensity and lightness on art prices, the use of only one artist (Andy Warhol) and only one year 

of observations (2012, 178 sold prints) raises the question as to whether these results would hold on a larger and different 

sample. And this is where our study of the potential effects of color intensity and darkness on the prices of the paintings makes 

a contribution, as we analyze a much larger and varied sample of paintings, those executed by the “Big five” Latin American 

artists. Furthermore, the aforementioned authors did not include in their control variables the topics/motives of the prints, 

something that we do here when we analyze the paintings of Latin American artists. Finally, we analyze paintings here, the 

most usual means of artistic expressions, as opposed to prints. 

 



2 
 

The use of paintings created by the “Big five” Latin American artists to ascertain the impact of color and intensity in 

art prices has another set of advantages. For example, the use of vivid and intense colors by many Latin American artists (a 

circumstance about which we comment later as it pertains to the “Big five” artists, for which we computed color related 

variables indicating the presence of relatively intense, dark and luminous colors in their paintings), as well as the high standard 

deviation of these values for these artists, presents us with an ideal set to conduct our study. Furthermore, according to 

Edwards (2004), and as commented in Garay (2017a), Latin American art auctions have three advantages as an object of study 

in economics (beyond their aesthetic value). First, there have been regular international auctions dedicated to Latin American 

art since 1979, with Sotheby's and Christie's dominating the market (especially for the most expensive artworks), in addition 

to a group of other smaller but very active auction houses in Europe and the United States. This increasing interest has led to 

the existence of a broad and established market. Both Sotheby's and Christie's (and Phillips, since 2009) conduct regular 

auctions of Latin American art twice a year, in May and in November. Second, unlike Impressionist and American artists, for 

example, the Latin American art market does not suffer from the bias that the presence of large museums creates when they 

buy and "retire" some of the best works on the market. The reason for this is that the activity of museums in this area of 

collecting is still relatively limited, although it has increased in the past decade. Third, the market for the majority of the great 

Latin American masters is quite liquid, with a relatively large number of works being sold each year. 

We find strong evidence indicating that color analysis is a crucial part of a pricing model for particular artists. Our 

results allow us to input a price on these attributes of color. The article is organized as follows. Section 1 discusses the models 

that have been proposed to measure how humans perceive colors, explaining the RGB color model (which measures color 

intensity), the Lab color space (which is a model that describes all perceivable colors in three dimensions: lightness and the 

color opponents green–red and blue–yellow), and grayscale images (which measure the level of luminosity). In Section 2 we 

digress about Latin American art and its associated auction market. In Section 3 we present the data and the methodology 

used in this study, and in Section 4 we analyze the results obtained. Finally, in Section 5 we present the conclusions, 

implications, and possible extensions of our work. 

Our study also has implications for consumer behavior, considering that 90 percent of the assessment of a product is 

made by color alone (Stepanova, 2016), and that empirical evidence indicates that different colors trigger different human 

emotions (Hemphill, 1996). Our research sheds light on the understating of how color (more specifically, intensity and 

darkness) affects the prices of a specific good, a painting.  
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1. Measuring color 

In this section, we discuss the main features of three color models that are widely used: The RGB color model, the 

Lab color space model, and the grayscale. These models will be used in the color analysis of paintings that we perform later. 

 

Color intensity: The RGB color model 

The RGB color model is an additive color model in which red (R), green (G) and blue (B) light are combined in 

different ways to create a broad range of colors. The RGB color model is additive because the three light beams are added 

together, and it is described by specifying how much of each of the red, green, and blue colors is contained within. Digital 

images are represented by pixels, and each pixel is represented by a vector of these three colors stored as 8-bit RGB matrices. 

The quality of an image is higher when the number of pixels is increased. The color is expressed as a RGB triplet (R, G, B), 

and the component values are regularly expressed as integer numbers, ranging from 0 to 255. If all the components are at zero 

(0, 0, 0) the result is black; if all are at maximum values (255, 255, 255); the result is the brightest representable white. Light 

red, for example, is (255, 0, 0); while dark red is (139, 0, 0). In general, the larger the R value, the less intense the red color 

is in the picture, the larger the G value, the less intense the green color is in the picture, and the larger the B value, the less 

intense the blue color is in the picture. Following Pownall and Graddy (2016), we proxy for the amount of red, green and blue 

in an artwork by computing the average of the R, G, and B pixel tonal values over the whole digital image of a painting. 

Overall, these statistics provide us with a measure of how the intensity of color varies across our database of paintings. 

Figure 1 shows two artworks by Rufino Tamayo that we use as comparison examples of computed average RGB. 

Both paintings were executed in 1945 and were sold in recent years, the first at Christie’s and the second at Sotheby’s. Whereas 

the painting on the left, “Child Playing”, clearly displays low color intensity [this is confirmed by its relatively high average 

RGB of (150, 145, 144)], the painting on the right, “The Bird Charmer (El Encantador de Pájaros)”, has a very high color 

intensity, with an average RGB of only (66, 47, 49). The painting on the right was sold for ten times the price of the painting 

on the left.2 This simple comparison between the prices of two paintings executed by the same artist and sold recently, and 

that differed markedly on their color intensity, allows us to illustrate the essence of what we do later in this paper. Collectors 

and investor seem to appreciate more those paintings whose color intensity is high. 

 

 

                                                             
2 Incidentally, the painting on the right, “The Bird Charmer (El Encantador de Pájaros)”, holds the record price at auction for a painting by 
Rufino Tamayo. 
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   Figure 1: Average RGB calculations for two paintings by Rufino Tamayo 

The Lab model 

The Lab color space is a model that describes all perceivable colors in three dimensions, where L stands for lightness, 

and a and b for the color opponents green–red and blue–yellow, respectively. In the Lab model, the L factor is highly related 

to how the human eye perceives lightness. For example, humans are more sensitive to green, a color that lies in the middle of 

the visible light spectrum, than to other colors (Pownall and Graddy, 2016). L represents luminosity as a function of RGB 

colors. The brightest white is represented as L = 100, while the darkest black is represented at L = 0. The color opponents 

(also known as chromaticity layers) a and b represent true neutral gray values at a = 0 and b = 0. The a axis stands for the 

red/green opponent colors, with red at positive a values and green at negative a values. The b axis represents the yellow/blue 

opponent colors with yellow at positive b values and blue at negative b values. a and b run in the range of ±100 or −128 to 

+127, depending on the scaling. Matlab can be used to calculate the average values of the three Lab factors.  

 

Lightness: The grayscale 

Grayscale images, also known as black-and-white or monochrome, carry only intensity information, measured in 

terms of lightness/darkness. These types of images are composed exclusively of shades of gray, which vary from white, at the 

strongest intensity (the highest grayscale value, which occurs at RGB = 255, 255, 255) to black, at the weakest intensity (the 



5 
 

lowest grayscale value, which occurs at RGB = 0, 0, 0). Matlab can be used to convert a RGB color image to a grayscale 

image and to calculate the average grayscale values from all pixels.  

 

2. Latin American art and its auction market 

The term “Latin American art” encompasses the collective artistic expression of the Caribbean, South and Central 

America, Latin Americans living in other regions, and artists that migrated to Latin America, mostly from Europe. Throughout 

the region, the blending of Native American, European and African cultures has created a distinctive tradition of colors, 

shapes, and motives. Latin American art has gained a growing interest around the world (Barnitz, 2006).4 Even though the 

first periodic and international auction of Latin American art was held in 1979 (Sotheby’s, New York), Edwards (2004) argues 

that the interest in Latin American art in the United States and in Europe long preceded that date. For example, in the United 

States, since the 1930s a number of galleries had exhibited works by Latin American artists such as Frida Kahlo (1938), 

Rufino Tamayo (1937 and 1938), Roberto Matta (1940 and 1943), and Rene Portocarrero (1945). Furthermore, important 

museums such as the Museum of Modern Art of New York (MOMA) dedicated great exhibitions to Latin American artists 

like Rufino Tamayo (1931) and Roberto Matta (1957), which were followed by exhibitions of other Latin American artists in 

museums across Europe (for example, Jesús Soto at the Stedelijk Museum in 1968), and the U.S. 

The “Big five” Latin American artists are, as defined by Edwards (2004): Diego Rivera (Mexican, 1886-1957), 

Rufino Tamayo (Mexican, 1899-1991), Wifredo Lam (Cuban, 1902-1982), Roberto Matta (Chilean, 1911-2002), and 

Fernando Botero (Colombian, 1932).5 We now briefly comment on the main features regarding color and motives that 

characterize the paintings of these artists according to art critics and specialists. Tamayo was an innovator who broke away 

from the Mexican muralist school and is considered one of the most important colorists of the 20th Century (Olguin, 2017). 

The presence of color in his paintings, very often intense and blunt, varied throughout his career. Rivera was a muralist and 

is known for the use of very bright colors in his paintings and drawings, which are dominated by simple forms recreating 

historical and social motives (Trejo, 1999). The rhythms and the colors of the Caribbean are clearly recognizable in the works 

of Lam, a known surrealist artist with African-Cuban influences (Mihalic, 2016). The work of Matta, the other surrealist of 

                                                             
4 For Traba (1994), who has been one of the most important Latin American art critics, the main quality of the art produced by artists from 
this region is their persistent attempt to relate to their communities. 
 
5 The term is actually known as the “Big six”, as there is a sixth artist, Frida Kahlo (Mexican, 1907-1954). Unfortunately, we could not 
include her artworks in this study, as only 8 of the paintings that she executed during her short and tortuous life were sold at auction at 
Christie’s or Sotheby’s between the end of 2003 and the first half of 2017, the sample period that we use here. This extremely low number 
of artworks sold at auction prevent us from including her in the study. Incidentally, one of the works, "Two nudes in the forest (The land 
itself)", was sold at Christie's-New York in May 2016 for $8,005,000, the most expensive work sold at auction at that time of any Latin 
American artist (the price includes the buyer's commission). Kahlo's record lasted only a short time. A few days later, Diego Rivera's "Dance 
in Tehuantepec" was sold for $15.7 million by the Phillips-New York auction house, which facilitated the transaction. 
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the “Big five”, is characterized mainly by the use of vivid colors in fantastical spaces where hues are intense and vibrant, 

especially in the later part of his life (Muñoz, 2010). Finally, one of the greatest contributions of Botero has been the freedom 

that he has given to color, giving oil an appearance of pastel (González, 2000). According to the artist, the voluptuous figures 

of his works are meant to create fields of color (El País, Antolin, 1992). Figure 2 illustrates a sample of highly priced paintings 

by Rivera, Matta, Lam and Botero, as well as their average RGB, Lab and grayscale values. 

 

   Figure 2: Average RGB, Lab and Grayscale calculations for a sample of highly priced paintings 

 

 



7 
 

The literature on the pricing of Latin American art is relatively scarce. There is the aforementioned work by Edwards 

(2004), about which we will comment more later. Apart from Edwards (2004), Campos and Barbosa (2009) studied the 

determinants of Latin American art prices by examining 1,663 paintings executed by Latin American artists and auctioned at 

Sotheby's between 1995 and 2002, and found that a work of art was worth more if: the artist had a high reputation, it was 

painted using oil, the higher the area of the lot, it had been reproduced in an art book, the topic/motive was a still life (compared 

to portraits and landscapes), it had provenance (i.e., whether there was evidence of the existence of previous owner(s) of the 

work), it had been exhibited, was in the catalog of the artist (or book in which an inventory of all works performed by a 

particular artist appears, not all artists have catalogue raisonné), and came from a museum or gallery. 

 Our paper can be compared to Pownall and Graddy (2016). However, our paper has as advantages over their paper 

that it considers a much higher number of artworks (1,627 versus 178 for those authors), and that it analyzes five artists 

(Tamayo, Rivera, Matta, Lam, and Botero) instead of only one (Warhol). Furthermore, we are able to control for a number of 

variables that those authors could not account for in their study, and thus can also shed light on the effect of the following 

variables on art prices: the techniques used to execute the work, whether the painting was signed and dated, had provenance, 

was exhibited at a museum or gallery, was reproduced in an art book, the number of words used to describe it in the auction’s 

catalog, and whether the work was in the catalogue raisonné of the artist (if available). Finally, and as we will see later, the 

richness and variety in color intensity, lightness and luminosity that characterizes most of the works of the “Big five” Latin 

American artists offers a potentially fertile setting to study the impact of color-related variables on art prices. 

 

3. Data and Methodology 

The data set consists of 1,627 sales at auction of paintings executed by the “Big five” Latin American artists. The 

first sale in the database occurred in November of 2003, and the last sale took place in June of 2017. We only considered 

artworks sold at Sotheby’s and Christie’s, the two most important and reputable auction houses in the world, in order to have 

a high standard of quality of the artworks being offered, and also because these are among the few auction houses that offer 

comprehensive information regarding variables that are specific to the lots being sold, such as provenance, whether an 

auctioned artwork had been exhibited at museums or galleries or appeared reproduced in art books, and other variables, which 

we use as controls in our study. We obtained the list of artworks offered at auction by the “Big five” artists and their respective 

characteristics from the websites of these two auction houses. We also used the Blouin Art Sales database to obtain the digital 

images of specific paintings that were not available on the websites of these two auction houses, and also to complement 
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missing information in a few cases. We did not considered buy-ins, that is, paintings that were offered for sale at auction but 

whose prices did not meet the reserve price (i.e., the minimum price set by the seller).  

Following the empirical approach followed in the literature we hypothesize that prices of paintings are significantly 

related to a set of variables in the following form:  

 

݈݊ ܲ௧ = ߙ +  ߚ × ܺ௧

ெ

ୀଵ

+ ௧ܻ × ௧ܦ

்

௧ୀଵ

+  ௧                          (ଵ)ߝ

Where: 

݈݊ ܲ௧: Price, in natural logarithm, of painting k auctioned at year t (including the “buyer’s premium” or commission) 

ܺ௧: Value of the attribute m of art work k auctioned at year t 

 ௧: Dummy variable that takes the value of 1 if art work k is sold in year t and 0 otherwiseܦ

 : Price of attribute mߚ

Yt : Coefficient with respect to the year-dummy variable.  

 

The functional form of the model is semi-logarithmic. According to Worthington and Higgs (2005), among other 

authors, this specification provides a better adjustment for the regression. Equation (1), which is based on the hedonic pricing 

model originally proposed by Rosen (1974), assumes that the market valuation of each attribute does not change through time. 

Following the literature (see, among others, Edwards, 2004, Worthington and Higgs, 2005, Campbell, 2008, Campos and 

Barbosa, 2009, Kraeussl and Logher, 2010, Taylor and Coleman, 2011, Renneboog and Spaenjers, 2013, Pownall and Graddy, 

2016, Garay, 2017b, and Garay, Vielma and Villalobos, 2017), the hedonic regression model will be estimated by running an 

Ordinary Least Squares Regression (OLS). The OLS is fixed effects with respect to both time and cross-sections. Individual 

effects are not present because the i-th artwork sold at time t is not necessarily the same as the i-th artwork auctioned at time 

t’, where t’ ≠ t. The hedonic price model will include the following variables: 

1) Specification of red, green and blue values, specification of L, a and b values, and grayscale values. 

2) Technique used: Works of art will be classified as having been executed in any of the following techniques/dummy 

variables, depending on the artist: Oil (OIL), Work on paper (WOP), Pastel (PAS), Pencil (PEN), Watercolor (WAT), 

Gouache (GOU), and, finally, Other techniques (OTH), which considers any category not included in the previous 

categories, such as charcoal. If a work of art was executed using oil, for example, the OIL dummy variable takes the 

value of 1, and the remaining technique dummy variables take the value of zero.  

3) Auction house: Works of art will have a dummy variable equal to 1 if they were sold at Sotheby’s, and 0 if they were 

sold at Christie’s.  
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4) A dummy variable that takes the value of 1 if it was sold in New York City and 0 if it was sold in another city. 

5) Age of the artist at the time he executed the painting (logarithm of the age). 

6) A dummy variable that takes the value of 1 if the art work was dated by the artist, and 0 otherwise. 

7) A dummy variable that takes the value of 1 if the painting was signed by the artist, and 0 otherwise. 

8) Size. Empirical evidence suggests that the price of a work of art increases as its size increases. Therefore, the hedonic 

regressions will include the following variable: Logarithm of the size (in squared inches).  

9) A dummy variable that takes the value of 1 if the art work was sold at the evening auction, and 0 otherwise. 

10) A dummy variable that takes the value of 1 if the painting had appeared reproduced in at least one art book. 

11) A dummy variable that takes the value of 1 if the painting had been exhibited at least at one museum or gallery. 

12) A dummy variable that takes the value of 1 if the painting had had two or more owners (provenance). 

13) A variable that measures the number of words used to describe the lot in the auction catalogue.  

14) A dummy variable that takes the value of 1 if the painting appeared (or was forthcoming) in the catalogue raisonné 

of the artist (in case such catalogue did exist, not all artists have a catalogue raisonné). 

15) A dummy variable that takes the value of 1 if the painting had a certificate of authenticity.  

16) Topic/Motive: Each artwork sold at auction was classified in one of the following topics: People, nude, portrait and 

self-portrait, religion, landscape, still life, and other. These are the same topics that Renneboog and Spaenjers (2013) 

used in their study, except that those authors also considered abstract, study, urban and animal topics. In our study, 

a topic ought to have at least 10 sold paintings belonging to that topic to be included as a dummy variable for the 

respective artists (topics that had less than 10 appearances for a specific artist where included in the “other” category). 

Matta and Lam are artists belonging to the surreal/magic realism movement and most of their paintings can be 

considered as abstract paintings. For these two artists we were not able to include topic dummy variables as it would 

have been too audacious to attempt to do so. Tamayo, Rivera and Botero are therefore the three artists which have 

topic dummy variables. The Appendix at the end of the paper shows the criteria that was used to assign each work 

of art to each one of these topic dummies. 

17) Year in which the painting was sold. Each year is represented by a dummy variable that takes the value of 1 if the 

art work was sold in that year, and 0 if it was sold in another year.  
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4. Analysis of Results 

Table 1 (at the end of the paper) shows the descriptive statistics of the 1,627 paintings by the “Big five” Latin 

American artists sold at auction and considered in the sample, categorized by artist, characteristics of the color variables,  the 

techniques used to execute the artworks, and the topics/motives of the compositions. The artist with the highest number of 

works sold was Roberto Matta (465), followed by Fernando Botero (359), Wifredo Lam (301), Rufino Tamayo (256), and 

Diego Rivera (246). Following the literature, we excluded three dimensional works of art such as sculptures, as these types 

of work would entail a different equation specification (for a review of how to construct a sculpture price index see Vosilov, 

2015). This criterion affected only the works by Fernando Botero, as the other four artists executed only a few sculptures, if 

any at all. Table 1 shows that the average price fluctuated extensively from artist to artist, with the highest average price 

commanded by Rufino Tamayo ($464,537), followed by Fernando Botero ($285,163), Wifredo Lam ($236,543), Roberto 

Matta ($170,370), and Diego Rivera ($150,760). The high standard deviation of prices for each artist suggests that paintings 

by an artist often have substantially different prices, as they may have been executed using different techniques, may have 

been different color-related variables, be based on different topics/motives, sold at times of booming or depressed art markets, 

may have dissimilar sizes, or may have varied for other reasons.  

 In general, Table 1 shows that the values for the seven color related variables vary substantially across artists (there 

is also a wide dispersion within each artist, although these results are not reported in the table for ease of presentation). Except 

for Rivera, the majority of the artworks was executed in oil. As expected, oil paintings had by far the highest average prices 

across the artists (this result is consistent with the literature, see for example Renneboog and Spaenjers, 2013, and the review 

presented in Garay, 2017a). Oil paintings can last longer than artworks executed using other techniques, and the mastery of 

the use of oil can only be accomplished by the greatest artists.  

Furthermore, across the five artists 86.36% of the paintings were dated and 63.74% were signed. Dated and signed 

works of art carried higher average prices, as expected, as they are likely to provide an element of authenticity to an artwork. 

Continuing with Table 1, the highest number of sales were recorded at Christie’s (846), followed closely by Sotheby’s (781). 

Almost all of the paintings by Tamayo and Rivera were sold in New York City. For the three other artists, the majority of the 

paintings were sold in New York City, but a fraction of them were also sold in other cities (mainly London and Paris). 

Artworks that had the following characteristics tended to fetched higher prices for the five artists: They were sold at the 

evening auction, they appeared in at least one art book, they had been exhibited at a museum or gallery at least once, and they 

had a provenance of at least two owners. Perhaps surprisingly, paintings appearing in the catalogue raisonné of the artist or 

having a certificate of authenticity did not command average higher prices. This may be explained by the fact that artworks 
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sold at Christie’s and Sotheby’s are of very high quality and do not necessarily benefit (in terms of having a higher price) 

when they have these two proofs of authenticity. Finally, by topic, the highest number of paintings was by far those belonging 

to the category people (remember that only for Tamayo, Rivera and Botero we were able to ascertain the topic to which each 

of their paintings belonged). The other categories were at a distant place. Interestingly, the most expensive paintings by topic 

varied depending on the artist.   

 Table 2 shows the results of the hedonic regressions, which were ran using the Ordinary Least Squares (OLS) method, 

and using White’s (1980) heteroskedasticity-consistent standard errors and covariance. As commented before, the OLS is 

fixed effects with respect to both time and cross-sections, and individual effects are not present because the i-th artwork sold 

at time t is not necessarily the same as the i-th artwork auctioned at time t’, where t’ ≠ t (Worthington and Higgs, 2005, and 

Taylor and Coleman, 2011, among other authors, also acknowledged the same constraint).  

Panel A presents the results of the regressions for the “Big five” artists in which the three RGB colors are used as 

explanatory variables to test their influence on art prices (the dependent variable is the natural logarithm of art prices). One 

regression is run for the value of each color separately because there exists collinearity between the three colors.6 The 

regressions yield a very high R-squared (R2) of 0.88-0.91. Overall, results strongly suggest that more intense colors (i.e., lower 

values of either red, green or blue) are associated with higher prices for the paintings, as indicated by the negative and 

significant coefficients on these three variables for the majority of the artists (red, green and blue were significant for the five 

artists, and at least at the 5% level of significance). These results provide strong evidence on the importance of considering 

the intensity of the colors in a painting when assessing its price, and controlling for a host of other variables. And while these 

results are also consistent with the empirical evidence reported by Pownall and Graddy (2016), we can also observe that the 

magnitude of the coefficients varies substantially from artist to artist, for example, from relatively low values for Matta (-

0.0016 to -0.0018), to relatively high values for Rivera (-0.0055 to -0.0064), this is, coefficients that are three to four times 

larger than those of Matta. Results can be interpreted as follows: the coefficient of the red color for Rivera had a value of -

0.0064, which implies that, ceteris-paribus, a 1 point decrease in the R value (which goes from 0, for the darkest level, to 255, 

for the lightest color) in the RGB color model increases the price of a painting by around 0.64%.  

Panel B presents the same regressions except that the RGB variables have been substituted by the three Lab color 

space layers. Once again, one regression is run for the value of each color separately because there exists collinearity between 

the three Lab colors. The regressions continue to yield very high R2. Overall, results show that luminosity (L) is priced in the 

                                                             
6 When we ran the regressions including the three RGB variables at the same time in the regression, they tended to become insignificant. 
We did not report those results in Table 2 to facilitate the viewing of the table. 
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art market for the five artists. The negative and statistically significant coefficient for this variable for the five artists implies 

that paintings having a higher level of luminosity (lower level in the value of the variable L) tend to fetch higher prices. 

However, the variables a (red/green opponent colors) and b (yellow/blue opponent colors) are statistically significant for only 

two and one of the artists, respectively. Lastly, Panel C presents the same regression except that the RGB variables are changed 

for the grayscale variable.  The regressions continue to yield a very high R2. The coefficient for the grayscale variable is 

negative and significant at least at the 5% level for the five artists. These results are consistent with saturation resulting in a 

higher price (i.e. darkness draws a premium over lightness). 

Results for the other control variables throughout the three panels of regressions are also very informative. Overall, 

prices of paintings increase with the area of the artwork. This finding has been amply documented in the literature (see, among 

others, Worthington and Higgs, 2005, Campbell, 2008, Renneboog and Spaenjers, 2013, and the review presented in Garay, 

2017a). Prices are also higher when a lot is sold at the evening session of the auction. The evening session is perceived to be 

more prestigious and to concentrate the most valuable artworks, and therefore it is not surprising that we found this positive 

effect, which was also found by Stepanova (2016) when she studied the auction prices for Picasso’s artworks. Also, paintings 

executed in oil clearly commanded higher prices than artworks created using other techniques. 

Prices of artworks tend to be negatively and significantly related to the age of the artists for the cases of Rivera, 

Matta, and Lam (in the case of Tamayo the coefficient was negative but not statistically significant), and positively and 

significantly related to the age of the artist for the case of Botero. These results are consistent with the findings of Edwards 

(2004), who conducted a study on the creative processes of Latin American artists, wherein an attempt was made to determine 

at what age a particular artist executed his/her most valuable works (his paper was based on the studies carried out by 

Galenson, 1997, 1999 and 2001, for American and French artists of the XIX and XX centuries). Edwards (2004) found that 

Rivera, Tamayo and Lam can be considered "conceptual" artists because they executed their most valuable works when they 

were young (at the ages of 31, 44 and 39, respectively). Similarly, Matta can be considered the quintessential "conceptual", 

considering that his most expensive works were executed when he was in his twenties and early thirties, and that the works 

he created at later ages tend to have lower prices. On the other hand, Edwards found that Botero represents the opposite case, 

since the prices of his paintings increase continuously with the age of the artist. Edwards finds that Botero's earlier works, 

which include still lifes and portraits, are less valuable than his more recent works, which are based on the society and people 

of Colombia, and in which a local narrative is always in the center of the composition. Thus, Edwards concludes that Matta 

and Botero represent two completely opposite cases. 
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Continuing with the analysis of Table 2, regression results also suggest that, in general, and ceteris-paribus, works 

sold in New York City fetched prices that were similar to paintings sold in other cities, except for the case of Matta, for which 

prices of lots sold in that city were higher. Also, prices at Christie’s and Sotheby’s were statistically the same. These results 

are consistent with the review presented in Garay (2017a), among other articles. Paintings that had appeared reproduced in 

art books tended to command higher prices. This result is consistent with Stepanova (2016). Art prices were also positively 

and significantly related to the number of words used to describe the lot in the auction catalogue, a variable that can be 

regarded as signaling the importance of the lot, at least according to the auction house. This result is also consistent with 

Stepanova (2016). 

Art prices were not affected when the respective painting was signed, dated, had been exhibited at a museum or 

gallery, if it had provenance, or if it was in the catalogue raisonné of the artist. While these results may be surprising, it is 

worth pointing out that Stepanova (2016) also found similar results for Picasso regarding these variables (except for the case 

of the catalogue raisonné, as Picasso does not have one). However, Campos and Barbosa (2009), found that artworks that had 

been exhibited at museums or galleries, and that had provenance had higher prices.  

The topic/motive of the paintings also affected their prices, and the most valuable topic depended on the artist. For 

example, a still life by Tamayo was more expensive than a painting executed by this artist and whose topic was people, nude 

or other (statistically significant at least at the 5% level across the seven color regressions). In the case of Rivera, his 

landscapes were less expensive than the topic dummy others (these results were statistically significant at least at the 5% level 

across the seven regressions). And in the case of Botero, his paintings on the topics of people, nude and portraits were more 

expensive than the category others (these results were significant at least at the 5% level across the seven regressions). 

Finally, the year dummy coefficients on the estimated hedonic regressions could be used to construct art price indices 

for the “Big five” artists (Renneboog and Spaenjers, 2013, explain how to implement the procedure). Figure 3 shows the art 

price indices for the “Big five” artists, using the first regression for each artist (the regression for the red color). The figure 

shows that art prices increased up to 2008, the year when the global financial crisis erupted, and then declined. Prices remained 

relatively stable during the subsequent five years, and have declined in the past two years (except for Botero), a trend that has 

been also observed in other art markets (Kräussl, Lehnert, and Martelin, 2016).7 

 

 

                                                             
7 We used variance inflation factors (VIFs) to test for the possible existence of multicollinearity in the regressions. The average VIF for 
the regressions ranged between 4 and 5, and so multicollinearity does not seem to represent a problem. 
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   Figure 3: Art price indices for the “Big five” artists (2003-2017) 

 

     Source: Own calculations based on information obtained from the websites of Christie’s and Sotheby’s and Blouin Art. 

 

5. Conclusions, Implications, and Extensions  

We analyzed the importance of color on the prices of 1,627 paintings executed by the “Big five” Latin American 

artists, and sold at Christie’s and Sotheby’s between 2003 and 2017. Our results strongly suggest that buyers of Latin 

American art (at least as it pertains to the “Big five” artists) appreciate rich, colorful compositions. Paintings whose colors 

were intense, dark and luminous tended to command higher prices. 

Regression analysis also indicates that the topic/motive of a painting affected its price, and the most valuable topic 

depended on the artist. Furthermore, the prices of paintings increased with the area of the artwork, when they were executed 

in oil, and tended to be negatively and significantly related to the age of the artists (for the cases of Rivera, Matta, and Lam), 

and positively and significantly related to the age of the artist for the case of Botero. Moreover, works sold at New York City 

recorded prices that were similar to paintings sold in other cities, except for the case of Matta, for which prices were higher 

in New York City. Art prices were also positively and significantly related to the number of words used to describe the lot in 

the auction catalogue, and were positively impacted if the painting appeared reproduced in an art book.  

Our results have implications for consumer behavior, considering that the visual sense is the most developed sense 

in humans, and that 90% of an assessment of a product is made by color alone (Stepanova, 2016). Moreover, different colors 

trigger different human emotions (Hemphill, 1996), and the color of a product influences consumer behavior (see Labreque 
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and Milne, 2012; and Deng, Hui and Hutchinson, 2010). Therefore, our results contribute to the understating of how color 

(intensity, lightness/darkness and luminosity) affects the prices of a specific good, in our case a painting.  

Our paper could be extended in three directions. First, we could control for the specific period to which each painting 

belongs for each artist. In the case of Picasso, Stepanova (2016) makes use of the eight well known periods under which the 

painting career of this artist falls. However, in the cases of some of our “Big five” Latin American artists, and as far as we 

have been able to observe, art specialists do not necessarily offer such clear cut definitions with regards to artist’s periods. In 

any case, it is appropriate to remember here that in our regressions we have controlled for the age of the respective artist at 

the time when he executed the painting. Second, Stepanova (2016) analyzed the impact that the diversity of colors in a painting 

(instead of color intensity, lightness/darkness and luminosity, the variables that we analyzed here), as well as the surface 

occupied by certain colors (blue and orange, in the case of Picasso) has on the prices of the paintings created by Picasso. We 

could perform such type of study using our database of Latin American artists. This would require an analysis of the color 

histograms of each artist to ascertain whether they reveal particular clusters of highly-priced colors. Third, we plan to apply 

our study to the artworks of Carlos Cruz-Diez, a contemporary (abstract/geometric, kineticist) Latin American artist 

(Venezuela, 1923). For Cruz-Diez, color is an end in itself, and so his Physichromies (Figure 4 shows two examples of these 

artworks, with the corresponding values for the color-related variables) are ideal for our study, as these masterpieces not only 

play with people’s perception of color, but also have been traded actively at auction. 

 

Figure 4: Cruz-Diez: Two Physichromies and their color-related values 
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Table 1: Descriptive Statistics 

 

              Source: Own calculations based on information available on Christie’s and Sotheby’s websites and complemented with Blouin Art Sales. 

Variable Number of 
paintings

Arithmetic 
Mean

Standard 
Deviation

Number of 
paintings

Arithmetic 
Mean

Standard 
Deviation

Number of 
paintings

Arithmetic 
Mean

Standard 
Deviation

Number of 
paintings

Arithmetic 
Mean

Standard 
Deviation

Number of 
paintings

Arithmetic 
Mean

Standard 
Deviation

Price 256 $464,537 $823,526 246 $150,760 $289,291 465 $170,370 $331,215 301 $236,543 $459,255 359 $285,163 $344,808

Color variables
Red - 129.18 41.59 - 157.33 41.09 - 144.80 44.81 - 154.16 43.88 - 163.97 51.16
Green - 110.04 44.45 - 144.65 41.87 - 141.58 43.15 - 141.67 43.11 - 150.16 54.53
Blue - 98.98 45.13 - 121.66 44.62 - 124.50 43.81 - 118.86 42.61 - 129.22 58.27
Luminosity (L) - 47.46 16.70 - 59.79 15.95 - 58.18 16.40 - 58.61 16.58 - 62.03 20.47
Channel A - 6.78 8.63 - 1.88 4.17 - -0.88 6.65 - 1.52 5.10 - 2.74 6.14
Channe B - 9.39 11.09 - 14.15 8.85 - 9.75 9.91 - 13.82 10.46 - 13.35 10.02
Grayscale - 114.49 42.13 - 145.80 41.22 - 140.58 42.47 - 142.79 42.37 - 151.88 53.14

Technique
Oil 176 $608,154 $814,388 45 $552,771 $477,456 349 $205,361 $372,570 180 $337,018 $552,685 181 $464,517 $398,395
Gouache 31 $79,485 $88,647 - - - - - - - - - - - -
Others 21 $384,639 $1,472,586 49 $75,812 $156,165 25 $34,603 $31,562 39 $113,879 $202,725 47 $151,683 $126,910
Pastel - - - - - - - - - 45 $51,465 $59,218 - - -
Pencil - - - - - - 46 $74,961 $111,675 - - - 79 $81,993 $94,327
Watercolor - - - 91 $58,887 $48,089 - - - - - - - - -
Works on Paper (WOP) 28 $48,032 $43,554 61 $51,454 $54,346 45 $71,956 $78,236 37 $102,131 $250,946 52 $90,183 $113,908

Characteristics of the lots
Christie's 122 $453,323 $733,342 111 $132,180 $217,683 247 $174,280 $369,793 165 $189,944 $298,371 201 $286,738 $330,488
Sotheby's 134 $474,746 $900,450 135 $166,037 $337,037 218 $165,941 $281,983 136 $293,078 $595,547 158 $283,160 $363,266
New York City 252 $464,904 $828,100 245 $151,256 $289,778 288 $193,881 $375,233 221 $227,832 $421,684 320 $297,967 $355,256
Other cities 4 $441,410 $520,954 1 $29,064 - 177 $132,116 $239,254 80 $260,606 $552,230 39 $180,112 $218,900
Age - 57.55 17.81 - 51.57 9.39 - 49.90 13.58 - 56.71 13.30 - 50.81 15.32
Dated 239 $485,221 $845,823 189 $172,628 $312,474 376 $182,745 $362,116 263 $251,117 $487,090 338 $289,383 $338,079
Signed 187 $537,975 $938,388 174 $156,821 $298,860 216 $141,819 $166,308 196 $247,026 $475,287 264 $280,384 $314,541
Area (Inches2) - 1346.42 5574.89 - 332.07 433.97 - 2118.50 3077.58 - 840.77 894.40 - 1594.95 1680.84
Evening 170 $656,750 $951,590 87 $351,439 $416,602 186 $312,125 $483,952 142 $446,967 $602,298 183 $464,677 $400,127
Literature ≥ 1 167 $634,259 $970,206 94 $271,572 $413,599 122 $282,939 $565,179 192 $336,039 $544,826 112 $533,932 $462,162
Exhibited ≥ 1 181 $594,501 $941,685 48 $365,226 $482,911 162 $274,996 $516,104 126 $429,252 $640,855 101 $420,767 $476,364
Provenance ≥ 2 133 $583,566 $999,791 106 $221,653 $379,196 224 $232,051 $450,507 114 $330,888 $417,654 101 $379,733 $410,449
Number of words - 169.84 334.82 - 67.16 186.56 - 73.26 226.38 - 140.47 410.88 - 90.01 223.25
Catalogue Raisonné 7 $347,546 $331,534 87 $281,532 $425,089 50 $116,311 $156,837 179 $348,865 $556,460 31 $775,139 $466,707
Certificate of Auth. 53 $459,905 $452,926 113 $171,198 $339,746 269 $191,763 $380,363 142 $198,710 $312,324 76 $189,779 $229,264

Topic/Motive
Landscape - - - 25 $165,986 $327,104 - - - - - - - - -
Nude 27 $330,833 $392,777 13 $135,056 $236,013 - - - - - - 63 $296,332 $329,366
Others 38 $201,007 $210,109 16 $296,458 $481,890 - - - - - - 15 $161,400 $213,214
People 170 $463,547 $872,051 157 $111,164 $197,597 - - - - - - 165 $326,986 $420,644
Portrait & Self-portrait - - - 35 $256,730 $444,094 - - - - - - 22 $319,684 $308,019
Religion - - - - - - - - - - - - 32 $303,863 $214,253
Still life 21 $1,121,319 $1,153,140 - - - - - - - - - 62 $170,555 $150,925

Fernando BoteroRufino Tamayo Diego Rivera Roberto Matta Wifredo Lam



18 
 

Table 2: Hedonic Regression Results: Tamayo and Rivera 

 

 

Rufino Tamayo (n = 256)
Dependent variable is Log price PANEL A PANEL B PANEL C

Red Green Blue L a b Grayscale
Color variable -0.0028** -0.0031*** -0.0023** -0.0078*** 0.0087** -0.0019 -0.0032***
 0.0011 0.0010 0.0010 0.0029 0.0043 0.0027 0.0011

Included Included Included Included Included Included Included
Technique Oil 1.0915*** 1.0826*** 1.0640*** 1.0868*** 1.2216*** 1.2206*** 1.0779***
(Other was omitted) 0.2405 0.2342 0.1510 0.2358 0.2319 0.2325 0.2365
Characteristics Log area 0.4733*** 0.4660*** 0.4660*** 0.4682*** 0.4615*** 0.4718*** 0.4680***
of the lots 0.0547 0.0557 0.0572 0.0552 0.0598 0.0592 0.0552

Evening 0.3705*** 0.3733*** 0.3845*** 0.3748*** 0.3889*** 0.3843*** 0.3725***
0.1129 0.1130 0.1157 0.1128 0.1212 0.1217 0.1126

Literature ≥ 1 0.2106** 0.2066** 0.2032** 0.2070** 0.2087** 0.2091** 0.2073**
0.0893 0.0890 0.0891 0.0894 0.0888 0.0895 0.0891

Number of words 0.0008*** 0.0008*** 0.0008*** 0.0008*** 0.0007*** 0.0008*** 0.0008***
0.0002 0.0002 0.0002 0.0002 0.0002 0.0002 0.0002

Topic/Motive People -0.6128*** -0.5531*** -0.0913 -0.5739*** -0.1159 -0.0881 -0.1008
0.1372 0.1274 0.0941 0.1296 0.0947 0.0912 0.0918

Nude -0.5248*** -0.4452*** Omitted -0.4734*** Omitted Omitted Omitted
0.1564 0.1508 0.1513

Still life Omitted Omitted 0.4689*** Omitted 0.3608** 0.4805*** 0.4732***
0.1541 0.1766 0.1572 0.1511

Other -0.9434*** -0.8702*** -0.4001*** -0.8995*** -0.4267*** -0.4166*** -0.4206***
0.1547 0.1448 0.1216 0.1472 0.1217 0.1215 0.1206

R-squared 0.89 0.89 0.89 0.89 0.89 0.88 0.89

***, **, and * denote statistical significance at 1%, 5%, and 10%, respectively.
Note: For ease of presentation, in the case of control variables only statistically significant coefficients are shown.

Year Dummies

Variable

Diego Rivera (n = 246)
Dependent variable is Log price PANEL A PANEL B PANEL C

Red Green Blue L a b Grayscale
Color variable -0.0064*** -0.0064*** -0.0055*** -0.0168*** 0.0139 -0.0037 -0.0066***
 0.0012 0.0012 0.0011 0.0031 0.0121 0.0059 0.0012

Included Included Included Included Included Included Included
Technique Oil 0.9769*** 0.9635*** 0.9574*** 0.9622*** 1.0875*** 1.1058*** 0.9606***
(WOP was omitted) 0.2358 0.2331 0.2321 0.2340 0.2492 0.2491 0.2330

Watercolor 0.4427** 0.4415** 0.4458** 0.4367** 0.4684** 0.4715** 0.4411**
0.1841 0.1783 0.1749 0.1794 0.1990 0.2028 0.1785

Characteristics Log area 0.4956*** 0.4789*** 0.4769*** 0.4834*** 0.4658*** 0.4816*** 0.4838***
of the lots 0.0661 0.0657 0.0659 0.0657 0.0646 0.0644 0.0656

Evening 0.7758*** 0.7836*** 0.8065*** 0.7811*** 0.8572*** 0.8555*** 0.7807***
0.1124 0.1140 0.1137 0.1138 0.1140 0.1126 0.1133

Authenticated 0.3550*** 0.3844*** 0.3953*** 0.3787*** 0.4085*** 0.3837*** 0.3765***
0.1079 0.1079 0.1099 0.1079 0.1209 0.1200 0.1076

Dated 0.1541* 0.1490* 0.1355 0.1515* 0.1130 0.1162 0.1504*
0.0856 0.0865 0.0899 0.0861 0.0929 0.0929 0.0864

Log age -0.6811*** -0.6496** -0.6194** -0.6537*** -0.4815* -0.4985** -0.6626***
0.2525 0.2516 0.2513 0.2528 0.2543 0.2520 0.2518

Topic/Motive Landscape -0.5523*** -0.5046** -0.5543*** -0.5085** -0.6916*** -0.7380*** -0.5150**
(Other was omitted) 0.1969 0.2032 0.2092 0.2020 0.2192 0.2146 0.2015

R-squared 0.81 0.81 0.81 0.81 0.79 0.78 0.81

***, **, and * denote statistical significance at 1%, 5%, and 10%, respectively
Note: For ease of presentation, in the case of control variables only statistically significant coefficients are shown

Variable

Year Dummies
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Table 2 (Cont.): Hedonic Regression Results: Matta and Lam 

 

 

Roberto Matta (n = 465)
Dependent variable is Log price PANEL A PANEL B PANEL C

Red Green Blue L a b Grayscale
Color variable -0.0018** -0.0018** -0.0016** -0.0046** 0.0019 0.0008 -0.0019**
 0.0008 0.0008 0.0007 0.0022 0.0042 0.0026 0.0009

Included Included Included Included Included Included Included
Technique Oil 0.5938*** 0.6048*** 0.6256*** 0.6029*** 0.7441*** 0.7457*** 0.5902***
(WOP was omitted) 0.1356 0.1362 0.1298 0.1361 0.1167 0.1174 0.1370

Other -0.2953* -0.3286* -0.3272* -0.3211* -0.2262 -0.2166 -0.3298*
0.1728 0.1760 0.1758 0.1754 0.1741 0.1718 0.1750

Pen -0.2875* -0.2950* -0.2992* -0.2949* -0.2723* -0.2724* -0.2957*
0.1513 0.1528 0.1533 0.1524 0.1532 0.1526 0.1524

Characteristics Log area 0.5031*** 0.5056*** 0.5030*** 0.5048*** 0.5096*** 0.5077*** 0.5042***
of the lots 0.0312 0.0313 0.0314 0.0313 0.0313 0.0312 0.0313

Evening 0.3177*** 0.3133*** 0.3200*** 0.3146*** 0.3159*** 0.3198*** 0.3151***
0.0597 0.0603 0.0600 0.0601 0.0610 0.0593 0.0601

Exhibited ≥ 1 0.0924* 0.0932* 0.0925* 0.0933* 0.0903 0.0901 0.0932*
0.0553 0.0555 0.0556 0.0555 0.0556 0.0555 0.0555

New York City 0.1970*** 0.1995*** 0.1931*** 0.1989*** 0.1967*** 0.1933*** 0.1983***
0.0563 0.0562 0.0563 0.0562 0.0570 0.0562 0.0562

Dated 0.1365** 0.1380** 0.1438** 0.1380** 0.1545*** 0.1561*** 0.1366**
0.0570 0.0569 0.0571 0.0569 0.0573 0.0574 0.0569

Number of words 0.0016*** 0.0016*** 0.0016*** 0.0016*** 0.0016*** 0.0016*** 0.0016***
0.0003 0.0003 0.0003 0.0003 0.0003 0.0003 0.0003

Log age -1.9688*** -1.9651*** -1.9570*** -1.9636*** -1.9781*** -1.9749*** -1.9639***
0.1287 0.1284 0.1283 0.1284 0.1290 0.1288 0.1284

R-squared 0.82 0.82 0.82 0.82 0.82 0.82 0.82

***, **, and * denote statistical significance at 1%, 5%, and 10%, respectively
Note 1: For ease of presentation, in the case of control variables only statistically significant coefficients are shown
Note 2: Matta does not have topic/motives dummies

Variable

Year Dummies

Wifredo Lam (n = 301)
Dependent variable is Log price PANEL A PANEL B PANEL C

Red Green Blue L a b Grayscale
Color variable -0.0018** -0.0022*** -0.0025*** -0.0055** 0.0053 0.0030 -0.0022***
 0.0008 0.0008 0.0008 0.0021 0.0059 0.0027 0.0008

Included Included Included Included Included Included Included
Technique Oil 0.4790*** 0.4631*** 0.4600*** 0.4671*** 0.5479*** 0.5589*** 0.4627***
(WOP was omitted) 0.1415 0.1415 0.1414 0.1416 0.1410 0.1412 0.1414
Characteristics Log area 0.6554*** 0.6612*** 0.6714*** 0.6593*** 0.6689*** 0.6734*** 0.6599***
of the lots 0.0511 0.0504 0.0502 0.0506 0.0526 0.0531 0.0505

Evening 0.4492*** 0.4508*** 0.4559*** 0.4507*** 0.4603*** 0.4618*** 0.4503***
0.0777 0.0770 0.0769 0.0772 0.0791 0.0796 0.0771

Literature ≥ 1 0.3343** 0.3285** 0.3210** 0.3300** 0.3360** 0.3332** 0.3292**
0.1519 0.1504 0.1526 0.1508 0.1605 0.1645 0.1505

Number of words 0.0013*** 0.0013*** 0.0013*** 0.0013*** 0.0013*** 0.0013*** 0.0013***
0.0002 0.0002 0.0002 0.0002 0.0002 0.0002 0.0002

Log age -0.0082*** -0.0083*** -0.0086*** -0.0082*** -0.0085*** -0.0087*** -0.0083***
0.0032 0.0032 0.0031 0.0032 0.0031 0.0031 0.0032

R-squared 0.90 0.90 0.90 0.90 0.89 0.89 0.90

***, **, and * denote statistical significance at 1%, 5%, and 10%, respectively.
Note 1: For ease of presentation, in the case of control variables only statistically significant coefficients are shown.
Note 2: Lam does not have topic/motives dummies.

Variable

Year Dummies
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Table 2 (Cont.): Hedonic Regression Results: Botero 

 

 

 
Appendix: Topic/Motive dummies 
 
This appendix explains the criteria that we used to determine the topic/motive to which each painting in the 
sample was assigned to. Following Renneboog and Spaenjers (2013), we examined title words in order to 
allocate works of art to a set of topic dummies. However, we were more comprehensive than those authors 
because our relatively small sample size allowed us to analyze individually each of the painting titles 
(Renneboog and Spaenjers had more than one million lots sold). Most of the titles were in Spanish, followed 
by English and French.  
 
The criteria we used to allocate paintings to each of the topic dummies was to search for the following 
words in the titles of the paintings: People: “people”, “men”, “girl”, “fiesta”, etc. (and any other word 
related to people); Portrait and Self-Portrait: “portrait”, or if the name of a person appears in the title, and 
“self-portrait”; Landscape: “landscape”, “view”, “seascape”, etc. “city”, “street”, “building”, “town”, 
“Paris” (and any other word that may indicate a landscape or an urban setting); Nude: “nude”; Religion: 
“crucifixion”, “Adam and Eve”, “Christmas”, etc. (and any other word related to religion or to its 
ceremonies); Still life: “still life”, “flowers”, “bodegón”, etc. (and any other word related to dead plants, 
food or animals); Other: Any title that did not contain a word belonging to anyone of the categories defined 
here. Furthermore, in a number of cases we analyzed the image of the painting to ascertain the respective 
topic dummy, for example, when the painting was untitled. 

Fernando Botero (n = 359)
Dependent variable is Log price PANEL A PANEL B PANEL C

Red Green Blue L a b Grayscale
Color variable -0.0019*** -0.0026*** -0.0028*** -0.0064*** 0.0106** 0.0060*** -0.0026***
 0.0006 0.0006 0.0006 0.0017 0.0044 0.0023 0.0006

Included Included Included Included Included Included Included
Technique Oil 0.9074*** 0.8391*** 0.7996*** 0.8567*** 0.9587*** 0.9647*** 0.8476***
(WOP was omitted) 0.1061 0.1107 0.1097 0.1102 0.1052 0.1014 0.1101

Other 0.2742** 0.2453** 0.2381** 0.2523** 0.2773** 0.2958*** 0.2509**
0.1083 0.1084 0.1068 0.1087 0.1083 0.1061 0.1084

Characteristics Log area 0.5246*** 0.5174*** 0.5170*** 0.5193*** 0.5399*** 0.5436*** 0.5180***
of the lots 0.0268 0.0264 0.0259 0.0265 0.0274 0.0275 0.0265

Evening 0.1800*** 0.1790*** 0.1747*** 0.1800*** 0.1653** 0.1636** 0.1798***
0.0655 0.0648 0.0638 0.0651 0.0648 0.0649 0.0649

Exhibited ≥ 1 -0.1050* -0.1187** -0.1317** -0.1158** -0.0897* -0.0987* -0.1174**
0.0544 0.0538 0.0539 0.0542 0.0533 0.0544 0.054

Literature ≥ 1 0.1186* 0.1192* 0.1181* 0.1188* 0.1251** 0.1190* 0.1188*
0.064 0.0628 0.0635 0.0633 0.062 0.0646 0.0632

Number of words 0.0008*** 0.0008*** 0.0009*** 0.0008*** 0.0009*** 0.0009*** 0.0008***
0.0003 0.0003 0.0002 0.0003 0.0003 0.0003 0.0003

Log age 0.6555*** 0.6828*** 0.6635*** 0.6786*** 0.6179*** 0.5734*** 0.6772***
0.0903 0.0898 0.088 0.0901 0.0892 0.0875 0.0897

Topic/Motive People 0.4130*** 0.3933*** 0.4018*** 0.3971*** 0.3694*** 0.4135*** 0.4008***
(Other was ommited) 0.1139 0.1131 0.1108 0.114 0.1101 0.1105 0.1133

Nude 0.3624*** 0.3473*** 0.3426*** 0.3510*** 0.2854** 0.3100*** 0.3550***
0.1242 0.1227 0.1202 0.1236 0.1218 0.1201 0.123

Portrait 0.4313*** 0.4098*** 0.4343*** 0.4133*** 0.3734*** 0.4478*** 0.4195***
0.1471 0.146 0.1439 0.147 0.1449 0.1474 0.1461

R-squared 0.90 0.90 0.90 0.90 0.90 0.90 0.90

***, **, and * denote statistical significance at 1%, 5%, and 10%, respectively
Note: For ease of presentation, in the case of control variables only statistically significant coefficients are shown
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